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How does divisive discourse gain traction,
and can machines learn to recognise its
structure?

Using NLP techniques, this project
investigates the language of weaponised

victimhood (WV) in political speech.
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| Weaponised victimhood refers to the strategic use of pain
I and grievance to gain moral authority, deflect criticism, or I
justify action’.
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This project uses annotated political
speeches to train a BERT-based NLP pipeline

Freedom rhetoric frames public health as oppression

combining NER (Named Entity Recognition) “They want to silence me because [
with a positioning layer: entities are labelled will never let them silence you. And
by rhetorical role and assigned a value, e.g. in the end, they’re not after me,
victims as positive, aggressors as negative. they’re after you, and I just happen
to be standing in their way.”
This allows the model to track patterns of harm Donald J. Trump, 2019
and l:{larr.le, exposmfg ‘thO gets cast as the hero, Persecutors/oppressors |
the villain, or the victim. Victims/innocents
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